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One support vector machine method’s application
in prediction of drum-water level

AN Peng, ZHAO Lin-tao
(Unit 63933, PLA, Beijing 100094, China)

Abstract. Water-level measurement system for boiler is one of the key measuring systems in power plant. And it is important to measure and
predict the drum water level. As drum water level of boiler is a time-delay, time-varying and nonlinearity system, a new mathematical model
according to the support vector machines (SVM) theory was brought out, which was based on the statistical learning theory (SLT) and the
empirical risk minimization (ERM) principle. Adopting the actual data from the heating boiler of author affiliat-ion, the samples were chosen
according to different attributes of daily water level and historical load data. The forecasted results were compared with actual boiler water lev-
el according to the scale of heating. The results show that the presented prediction method is more accurate.

Key words: support vector machine(SVM) ; drum boiler water level ; prediction; statistical learning theory (SLT) ; empirical risk minimiza-
tion( ERM)
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